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Recall: descent and convexity
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Strong convexity in one variable
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A quadratic lower bound
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Strong convexity and curvature
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Strict convexity and strong convexity
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Flatness near the minimum
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Uniqueness of the minimizer
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Assumptions for the convergence proof
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The derivative controls the value gap
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Completing the square
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One step of geometric decrease
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The geometric convergence rate
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The condition number
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Strong convexity in several variables
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The same convergence proof
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Comparing different condition numbers
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An objective with many terms
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Stochastic gradient descent
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Two losses with different minimizers
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A stochastic step can increase the value
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Reading
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Conceptual questions
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